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In the following text, please check off all boxes where a "paragraph break" should go
(where the topic changes).

S1: please remember that there 's another field trip coming up this Sunday if you 'd
1 like to go you could sign up with Larry Henderson by the end of the week .
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also um ,
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coming events category Lorna Simpson is going to be speaking at the University
4 Museum of Art tomorrow night .
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5 and she 's a contemporary um ,
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6 photography conceptual artist who 's now moving into video ,
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and is very articulate and interesting .
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since we 've been spending all term on dead artists here 's a chance to hear a living
9 one.
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and her presentation i think is at seven thirty _
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is there a question ?
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Discussion
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esolving Differences
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Resolving Differences
In Segment Count
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